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Our Company m
[¥] Mediametrie

O F = €

> 1 000 customers in
Founded in 1985 670 employees France and
worldwide

Turnover
100 M€

‘F!‘\ Leader of Media and reference studies in audience measurement

<<= Methodological and technological innovations

<> Tracks the changes in the Media ecosystem

M Sheds light on public behaviour

Mediametrie is the benchmark in audience measurement in
France for the TV, the radio and the Internet

(&0

Panel for the Internet audience, global and
per screen (computer, mobile, tablet)
30 000 panelists
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Internet audience measurement

17 250

individuals on
computers

M

3 panels for a Global Internet
measurement :

Computers
People aged 2 and over
Based on Nielsen meter

Mobile phones
People aged 11 and over
Based on RealityMine meter

Tablets
People aged 2 and over
Based on proxy and survey app

Global Internet measurement
Statistical fusion of the 3 panels

Metrics based on single source sub-sample
Weighting process including an adjustement
on site-centric figures
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Customer Context

Data Profiling Web

Who are you
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'E') Browsing History

Datetime

2018-01-03 17HO5
2018-01-03 17HO7
2018-01-03 17H26
2018-01-12 08H40
2018-01-12 20H33

URL
https://publisheri.com/sport/football
https://publisher2.com/economy
https://publisher2.com/running

https://publisher3.com/fashion

https://publisher4.com/music/pop

Qualification
Model

1

Socio-
demographic
Profile

+ Gender
+ Age bracket
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Data

Client Data .
cookie ID datetime URL Data tO qua“fy

123456789 § 2018-01-03 17HOS https://publisherl.com/sport/football
123456789 | 2018-01-03 17HO7 https://publisher2.com/economy

123456789 2018-01-03 17H26 https://publisher2.com/running

104785236 | 2018-01-03 19H22 https://publisher2.com/politics/election-results

369874562 || 2018-01-03 19H43 https://publisherl.com/sport/basketball/Video/How to shoot abasketball with power and accuracy

369874562 || 2018-01-03 21H31 https://publisher3.com/fashion/Video/fashion week
104785236 | 2018-01-0502h48 https://publisher2.com/economy

104785236 | 2018-01-0503h09 https://publisher2.com/economy/France

123456789 2018-01-12 08H40 https://publisher3.com/fashion

123456789 2018-01-12 20H33 https://publisher4.com/music/pop

369874562 | 2018-01-12 20H33 https://publisher2.com/news/

369874562 | 2018-01-1500H06 https: blisher2.com/news/~today 2018 01 15%,
369874562 | 2018-01-15 15H25 https://publisher2.com/globaleconomy/business/start-up

1269874562 12018-01-16 15H26 https://publisher2.com/globaleconomy/business/start-up2

Do o Po

Panel Data -
Training Data

lcomputer browser = Ipanelist
D D datetime  URL D gender
KIH browserA§2018-01-03 17HO5S https://publisherl.com/sport/football 123 44 Male
KIH browserA§2018-01-03 17H07 https://publisher2.com/economy 123 44 Male
KIH browserAl2018-01-03 17H26 https://publisher2.com/running 123 44 Male
PNG browserA§2018-01-03 19H22 https://publisher2.com/politics/election-results 456 27 Female
DFY  browserB}2018-01-03 19H43 https://publisherl.com/sport/basketball/Video/How to shoot abasketball with power and accura 789 35 Male
DFY browserB}2018-01-03 21H31 https://publisher3.com/fashion/Video/fashion week 789 35 Male
PNG browserA$2018-01-0502h48 https://publisher2.com/economy 951 33 Male
PNG browserA§2018-01-0503h09 https://publisher2.com/economy/France 456 27 Female
KIH browserC§2018-01-12 08H40 https://publisher3.com/fashion 123 44 Male
KJH browserC§2018-01-12 20H33 https://publisher4.com/music/pop 123 44 Male
DFY browserB}2018-01-12 20H33 https://publisher2.com/news/ 789 35 Male
DFY  browserB}2018-01-1500H06 https://publisher2.com/news/~today 2018 01 15%/ 357 38 Female
browserB}2018-01-15 15H25 https://publisher2.com/globaleconomy/business/start-up 789 35 Male
2018-01-16 15H26 https: blisher2.co obalecono usiness/start-up2 789 35 Male
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Feature Engineering Python code ﬁ\ m

« Datetime : when does the cookie visit the perimeter ?

U
m o Days of week
o Time slots

@ o Days + Time slots

« URL : what sort of content the cookie is interested in ?

’. o Keywords contained in URLs (music, sport, fashion,...)
o Domain names relative to the URL

S— (www.domain.com/article/title_of_the_article)
<>| o Semantic analysis of the URLs
= Preprocessing with tokenization, stop words removal and
French stemmer
’ = Word clustering

= URL clustering

- Surfing : what is the cookie behaviour when surfing on the perimeter ?

Time between 2 URLs
Number of URLs per session

@)
@)
o Number of URLs per day
/i\t_” o Consecutive days without logs ~1300 features
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Qualification : Workflow A User actions Python code @ m

INPUT
Panel data
with features and labels

250 K
logs

FEATURE SELECTION

with random forests @ Define selection
A criterion

Identify

- ID

- targets
+ weights
- features

LEARNING
] Tests several algorithms (from logistic regression to XGBoost)
Sy Tunes the parameters
* the algorithms to test . .
° the parameters to tune UseS preVIOUS reSUItS aS InpUtS
+ the targets’ order Stacks the models
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Results analysis

Cookies in target according to the model

Target area

Off-target area

M

For the cookies predicted in the target,
how many of them are really in ?

. True positive
Precision = — — —
True positive + False positive

False negative

- True negative

® Cookie

True positive

False positive

For the cookies in the target, how
many are found by the model ?

True positive

Recall = ———
True positive + False negative

3

Precision 1

P ..............................................

Precision for

Precision-Recall curve

Minimum threshold for probability

random prediction

o

100% Recall
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PySpa

Client Data

S =1

i«

Slha

Add features
from datetime

"| Distinct URLs

Add features
from URL

!

@ python

IJ 0 700 M @

m logs keywords

domains
s URLs with | \vord clusters

Lace witds time slots Rl et
9 days x time slots Clusters

PySpor‘l!g
/
I

Merge both types
of features

—a &5

Pickle : chosen model

L

and thresholds

J

PySpoﬁ(\z

v

Group y cookie

Add features from
surfing behaviour Y,

£

&

Cookies with
features

1 @ python’

e,

Qualification

E‘)

Qualified cookies
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Conclusion m

Today

« Checking the qualification performances in real conditions
= Real advertising campaigns

= Results monitoring @

= Tests on different targets

Next steps

- Becoming the qualification partner
= Qualifying in a production process
« Improving the model
= Adding new features based on Graph Theory

o Research @& *
o Updating @

= Testing other algorithms
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